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Introduction What is Rolling Resistance?
¢ The energy consumed by a tire per unit of distance covered [3].
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):¢ Rolling Resistance accounts for up to of a vehicle’s energy r:‘zo‘:,'::ti';‘i'r
consumption [1] Pavement’s structural and functional characteristics (roughness, | shape -

Flexing, bending and shear forces

texture, stiffness, temperature).

m Key Tires’ structural and performance properties (tread characteristics,

Factors - temperature, pressure). _ T .

\_/ Low rolling Lower energy Other factors contributing 10% of the overall rolling
resistance consumption . . —

resistance are aerodynamic drag, friction between

tire and road and the forces of gravity and inertia.

Knowledge GAP Objectives

[2] Vehicle’s structural and performance properties (suspensions, load,
load distribution, speed).

% Few studies on rolling resistance concerning Electric Vehicles (EVs). 2t To develop a data-driven rolling resistance prediction model for EVs.
= Effect of increased EVs’ torque and weight on rolling resistance. 2 To assess the potential of Machine Learning for rolling resistance
)=¢ No models available to estimate rolling resistance for EVs. estimations.

Methodology
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Linear Position I Test plans including variations in:
Transducers . | : ¢ Vehicle speed.
Wheel Force (" Laser Displacement )*¢  Road pavement sections.
Sensors 2«  Tire inflation pressure.
DATA PREPARATION
2  Data filtering.
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2¢  Learning through training dataset.

@  MODEL EVALUATION
2t Validation through testing dataset.

Very thin asphalt concrete 0/10, cl.1 % MODEL IMPROVEMENT

TRACK LENGTH: 2300 m
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distanj:’s"e PRSI e s Colgrip surface dressing 1/3 bauxite 2¢  Tuning algorithm parameters.
@@) WI-FI 2t Monitoring and maintenance.
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